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Abstract  

This study examines the pre-adoption 

determinants of blockchain technology in financial 

markets and investigates how institutional, 

organizational, and technological factors influence 

users’ readiness and behavioral intentions prior to 

system implementation in the United Arab 

Emirates (UAE). The research integrates the 

Technology Acceptance Model (TAM), the 

Unified Theory of Acceptance and Use of 

Technology (UTAUT), the DeLone–McLean 

Information Systems Success Model, and 

Institutional Theory to develop a multidimensional 

framework linking institutional and organizational 

readiness, technical system quality, perceived ease 

of use, user attitudes, and behavioral intention. An 

explanatory quantitative research design was 

employed using survey data collected from 106 

individual stockholders participating in the UAE 

financial markets. The proposed relationships were 

tested using Partial Least Squares Structural 

Equation Modeling (PLS-SEM). The results 

indicate that institutional and organizational 

readiness, technical system quality, and perceived 

ease of use significantly influence users’ attitudes 

toward blockchain. Attitude emerges as the 

strongest predictor of behavioral intention and 

fully mediates the relationship between readiness 

factors and adoption intentions. These findings 

extend technology adoption research by examining 

blockchain readiness in a pre-adoption context, 

where users rely primarily on perceptions rather 

than direct experience. From a practical 

perspective, the study provides guidance for 

policymakers, financial institutions, and 

technology developers seeking to enhance 

blockchain readiness through improved 

governance frameworks, technical reliability, and 

user-centered system design in emerging digital 

financial ecosystems. 

Keywords: Blockchain, financial markets, behavioral 

intention, technology adoption, PLS-SEM, UAE.  

1. Introduction 

 

Blockchain is considered one of the most innovative 

technologies that has made significant transformative 

innovations in financial ecosystems. It employs 

decentralized, tamper-resistant, and distributed ledgers 

to improve transaction authentication, transparency, 

and auditability (Biais et al., 2023). Decentralized 

Finance (DeFi), which is a financial ecosystem built on 

blockchain, is linked to processes whose speed, 

security, integrity, and traceability can win the 

attention of regulators, investors, and intermediaries in 

international markets, liberating it from the existence 

of traditional institutional mechanisms. Actually, 

Blockchain would streamline all existing clearing and 

settlement processes, international payments, and real-

time audit systems on the same account into a powerful 

disruptive innovation in the industry (Abdennadher et 

al. 2022, alifa2024; Agarwal et al., 2024). 

Despite the likely transformational change that 

blockchain offers, its adoption in financial markets 

remains limited,  particularly in developing countries. 

Although pilot initiatives and experimental use cases 
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have increased, fully developed incorporation of 

blockchain into financial markets remains at an early 

stage (Abdennadher et al., 2022, 2024; Sasitharan et al., 

2023). Much of the existing literature and institutional 

practice focuses on post-adoption evaluation, analyzing 

how operational efficiencies have improved, increases 

in cybersecurity, or outcomes achieved in terms of 

compliance with regulation after a given blockchain 

has been installed (Haleem et al., 2020). However, 

without adequate levels of readiness, willingness, and 

behavioral intention from key market participants, 

widespread adoption will not take place. Pre-adoption 

becomes a highly important area of investigation for 

this reason. Indeed, it is at this early stage that users 

form their initial perceptions, expectations, and 

acceptance tendencies that they will ultimately serve to 

shape adoption trajectories (Haleem et al., 2020). 

The UAE is an interesting perspective in terms of 

assessing blockchain readiness, with a strong national 

focus on digital transformation. The UAE Blockchain 

Strategy 2031 lays down an ambitious way to shift 50% 

of government transactions to blockchain-enabled 

platforms (Lyu et al., 2025). Such strategic intent exerts 

pressure on financial institutions, brokers, listed 

companies, and investors alike to align proactively with 

the technological transformation of capital markets. 

How these players view the value, usability, and 

institutional feasibility of blockchain is important not 

only for understanding adoption scenarios but also for 

coming up with supportive policies, technological 

infrastructure, and regulatory interventions in order to 

orient the market toward adoption.  

Although some scholars have pointed out that 

blockchain adoption cannot be understood solely from 

a technological or operational perspective, socio-

cognitive and institutional factors are essential (Powell 

and DiMaggio, 1983). This study is derived from a 

multitude of well-established frameworks that capture 

the multidimensional aspects of these influences. The 

Technology Acceptance Model (TAM) outlines the 

impact of perceived usefulness and perceived ease of 

use in establishing attitudes toward technology and 

subsequent behavior intentions (Davis, 1989). 

Meanwhile, the Unified Theory of Acceptance and Use 

of Technology (UTAUT) builds on this premise by 

adding the social influence, facilitating conditions, and 

user expectancy beliefs (Venkatesh et al., 2003, 2016). 

The DeLone and McLean Information Systems 

Success Model states that system quality, information 

quality, and service quality are important factors 

influencing user satisfaction and overall information 

system success (Delone and McLean, 2003). These 

technology-oriented frameworks together accentuate 

the significance of perceived ease of use, system 

quality, and user cognitions for pre-adoption 

evaluations. 

Unfortunately, technological and perceptual factors 

cannot fully explain adoption behavior in a highly 

regulated environment, such as that of financial 

markets. Thus, we considered Institutional Theory, 

which speaks to the regulatory, normative, and mimetic 

pressures that influence collective organizational or 

individual decision-making (Powell and DiMaggio, 

1983). The existence of institutional forces, such as 

regulation, industry standards, and legitimacy 

expectations, plays a crucial role in shaping the 

attitudes and diminishing uncertainties concerning the 

emergence of new technologies. The stronger the 

institutional support and preparatory organizational 

posture, the greater the inclination for users to appraise 

blockchain positively and with stronger dispositions 

toward adoption.  

The incorporation of these theoretical perspectives 

gives a more integrated and multidimensional 

understanding of blockchain readiness with respect to 

the UAE financial market ecosystem. The full spectrum 

is considered, including institutional versus 

organizational readiness, technical quality, perceived 

ease of use, attitude formation, and behavioral 

intention. Indirectly focusing on potential users-

investors involves a user-centered perspective that is 

often deemed absent from blockchain research, which 

traditionally appears to emphasize a system-based or 

regulatory analysis. 

This study employs Partial Least Squares Structural 

Equation Modeling (PLS-SEM) to analyze data 

sourced from key stakeholders in the UAE’s financial 

market. This form of causal analysis allows complex 

causal interdependency structures to be evaluated with 

good estimation in exploratory models, thus giving it 

an advantageous position for emerging research areas 

with evolving theoretical frameworks. The UAE’s 

policy direction on blockchain, the early stage of 

adoption in financial markets, and the theoretical 

underpinning that aims to understand processes before 

adoption, all highlight the relevance and importance of 

this study. Accordingly, this study aims to examine the 

institutional and organizational factors that affect 

technical quality and perceived ease of use, which, in 

turn, influence users' attitudes and behavioral 

intentions toward blockchain adoption in the UAE 

financial markets, with special attention to the attitude 

pre-adoption phase mediating effect. 

2. Literature Review  

 

Rising global interest in the use of blockchain has 

motivated increasing attention in academia to the 

determinants influencing user readiness or behavioral 

intentions, particularly in financial markets. This strong 

strategic commitment and initiatives, driven by policies 

such as the UAE government's integration of 
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blockchain into its digital economy agenda, are not 

currently matched with comprehensive empirical 

studies on blockchain adoption in the UAE. In 

particular, it is still limited concerning possible 

adoption scenarios, such as the pre-adoption phase, 

during which stakeholders analyze the feasibility and 

intended use of the technology (Abdennadher et al., 

2024). Early perceptions are vital to understand, as pre-

adoption beliefs can accelerate or constrain later 

integration into financial infrastructures. 

The Technology Acceptance Model provides the lens 

through which to view blockchain adoption. According 

to TAM, behavioral intention is shaped by perceived 

usefulness and perceived ease of use (Davis, 1989). 

Perceived Ease of Use (PEU) has particular resonance 

in the context of blockchain, which can be dissuaded 

by complexity and technical novelty. Empirical 

evidence indicates that when users perceive adopting 

blockchain applications with less effort, they generally 

hold positive attitudes and intentions towards their 

adoption (Alazab et al., 2021; Taherdoost, 2022). The 

Unified Theory of Acceptance and Use of Technology 

expands on this, adding performance expectancy, effort 

expectancy, social influence, and facilitating 

conditions as additional predictors of intention 

(Venkatesh et al., 2003, 2016). All of these extensions 

show that individual cognitive beliefs and 

environmental support structures have their influence 

on readiness for blockchain adoption.  

The increasing emphasis given to Institutional and 

Organizational Factors (IOF) by the literature 

regarding technology adoption is beyond what is 

perceived at the individual level. Adoption decisions, 

according to institutional theory, are caused by 

coercive and normative pressures, as well as mimetic 

pressures, coupled with support from regulatory 

frameworks aimed at alleviating uncertainty (Huangfu 

et al., 2022; Mishra et al., 2025). Organizational 

readiness, comprising human capital skilled in 

technology, supportive leadership, and existing 

practices, adds to favorable attitudes toward emerging 

technologies (Huangfu et al., 2022; Mishra et al., 

2025). Lack of institutional support or regulatory 

misalignment would increase perceived risk in the use 

of blockchain technology and undermine intentions to 

adopt the technology. 

A third major stream of literature examines Technical 

Factors (TF), which denote the quality of the 

blockchain infrastructure. Derived from the DeLone 

and McLean Information Systems Success Model, 

system quality-in particular, scalability, 

interoperability, reliability, and security-serves as a key 

foundation for building user satisfaction and perceived 

ease of use (Shahzad et al, 2024; Taherdoost, 2022). 

Studies show that poor technical performance increases 

perceived effort and negatively affects positive 

attitudes (Zainab et al., 2018). While strong system 

capabilities reduce uncertainty, bring about more 

perceived usefulness, and strengthen expectations for 

smooth performance (Quattrocchi and Plebani, 2024; 

Herzallah et al., 2025). 

The UAE financial market, like many developing 

economies that have witnessed rapid digitization, 

presents a fascinating setting for observing the 

relationships amongst IOF, TF, and PEU in a very fast-

evolving climate characterized by unprecedented 

policy innovation and technological maturity 

(Abdennadher et al., 2022). While innovations have 

been encouraged through regulatory sandboxes and 

government support, traditional challenges persist, 

including legacy system integration and a shortage of 

skills. Therefore, this contextual reality requires a 

comprehensive form of readiness framework that 

integrates individual, organizational, and technical 

determinants. By synthesizing the findings from the 

TAM, the UTAUT, and the DeLone-McLean model, 

this present research develops an integrated conceptual 

model to analyze how institutional and organizational 

factors, technical factors, and perceived ease of use 

shape attitudes toward blockchain and ultimately drive 

behavioral intentions in the UAE financial markets. 

3. Hypotheses Development 

3.1. Institutional and Organizational Factors & 

Attitude toward Blockchain 

 

According to the Institutional Theory, the business 

environment consists of coercive, normative, and 

mimetic pressures that affect the legitimacy and 

acceptance of new technologies. The theory states that 

when statutory bodies provide explicit guidelines, 

when professional norms support an innovation, and 

when peer organizations adopt similar practices and 

standardize the use of an innovation, uncertainty 

decreases and confidence in the technology increases 

(Risi et al., 2023). In addition, the Technology-

Organization-Environment (TOE) framework 

emphasizes that factors internal to the organization, 

such as supportive leadership, availability of adequate 

resources, training, and governance mechanisms, serve 

as critical antecedents to technology adoption (Oliveira 

and Martins, 2011; Nguyen and Le, 2022). For 

example, prior information systems research literature 

has shown that readiness factors such as management 

commitment, technical competence, and clear 

regulations are important in forming positive user 

perceptions (Hodapp and Hanelt, 2022). Moreover, 

empirical evidence suggests that organizational-level 

determinants directly affect adoption outcomes 

(Cannavale et al., 2022), while studies on blockchain 

indicate that regulatory clarity and organizational trust 

positively influence user intention by strengthening 
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perceived legitimacy (Esfahbodi et al., 2022). 

Additionally, studies have shown that organizational 

legitimacy pressures stimulate innovation adoption in 

SMEs (Yuan et al., 2023). All these insights 

collectively indicate that institutional and 

organizational foundations help create favorable 

conditions for users to develop a positive disposition 

toward blockchain adoption. 

H1: Institutional and organizational factors positively 

influence attitude toward blockchain. 

 

3.2. Technical Factors and Attitude 

 

The broad view of technical quality has played an 

important role in determining user evaluations in 

information systems research. According to the 

DeLone and McLean IS Success Model, system 

quality, which includes reliability, performance, 

interoperability, security, and responsiveness, 

represents a key driver of user perceptions, influencing 

both user satisfaction and subsequent information-

system usage behavior (Delone and McLean, 2003). 

Strong technical characteristics would lead users to 

consider technology as credible and efficient; 

therefore, they would find it less complex, thus 

contributing to a more favorable attitude toward 

technology. In the Technology Acceptance Model 

(TAM), high technical quality reduces perceived 

complexity and raises perceived ease of use, thereby 

promoting a favorable attitude. In the case of 

blockchain, the main technical factors that support or 

detract from adoption are increased scalability or 

improved throughput, consensus security, and 

compatibility with today´s infrastructures. Empirical 

studies show that strong technical performance directly 

leads to higher user intention to adopt the blockchain 

system. [28]. Technical deficiencies, especially those 

related to insecurity, however, can deter user 

confidence and lead to negative attitudes and 

intentions, as demonstrated in a blockchain agricultural 

supply chain. [29]. Moreover, distinct attributes of the 

blockchain, mainly transparency and traceability, as 

well as privacy and trust, are closely tied with system 

quality and have been linked with adoption outcomes. 

Altogether, previous evidence supports the assumption 

that strong technical characteristics reduce uncertainty, 

reinforce trust, and lead to favorable attitudes toward 

blockchain technology. 

H2: Technical factors positively influence attitude 

toward blockchain. 

 

3.3. Perceived Ease of Use (PEU) and Attitude 

 

Perceived ease of use (PEU) is considered the most 

important construct in the technology acceptance 

model (TAM) and states that the more users perceive a 

technology to be easy to use and intuitively operated, 

the more likely they are to develop positive attitudes 

toward it (Davis, 1989). Lower cognitive load and 

training requirements not only reduce user resistance; 

they foster feelings of competence and control, which 

in turn allow for more positive evaluations. This 

mechanism is particularly important when it comes to 

blockchain, a technology very much associated with 

high novelty and perceived complexity. Hence, in the 

pre-adoption phase, attitudes of users are significantly 

determined by their perception of usability. PEU has 

continued to maintain significant empirical support for 

attitude formation in blockchain environments. [7] 

confirmed the influence of perceived ease of use on 

blockchain attitudes in the context of financial 

transactions, establishing that ease of use, regarding the 

interface and processes, is crucial to gaining acceptance 

of such systems. Esfahbodi et al. (2022) found similar 

results concerning the strong prediction of choosing to 

adopt blockchain systems in e-commerce applications, 

thus further enforcing PEU's key characteristic in the 

subsequent applications of blockchain systems. In 

essence, these results hold that when subjects express 

an opinion that blockchain systems are easy to 

comprehend and operate, their attitude becomes 

significantly more favorable. 

H3: Perceived ease of use positively influences 

attitude toward blockchain. 

  

3.4. Attitude and Behavioral Intention (BI) 

 

The attitude has always been a prominent predictor of 

behavioral intention in the significant theories of 

technology adoption like the Technology Acceptance 

Model (TAM), the Theory of Reasoned Action (TRA), 

the Theory of Planned Behavior (TPB), and the Unified 

Theory of Acceptance and Use of Technology 

(UTAUT). These frameworks argue that favorable 

evaluations of a technology create strong intentions to 

use it. Attitude acts as a key cognitive filter that shapes 

how users translate their beliefs, such as perceived 

usefulness and perceived ease of use, into behavioral 

tendencies. Even where users view a technology as 

advantageous or simple to use, their declared intention 

may be weak as long as the appropriate attitudinal 

disposition has not been achieved. Especially under 

such conditions, attitude becomes key, as the 

blockchain environment is often characterized by 

complexity, uncertainty, and high perceived risk. An 

empirical proof from [30] established that attitudes 

towards blockchain significantly increase intention to 

adopt blockchain for financial services. Thus, this 

hypothesis substantiated its position as a strong 

attitudinal driver. Similarly, in a fintech environment, 

perceived usefulness and ease of use affect their 

influence on the intention to adopt mainly through 
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attitude, as shown by Esfahbodi et al. (2022). Huangfu 

et al. (2022) showed that, across diverse blockchain 

applications, attitude was found to be a significant and 

consistent predictor of behavioral intention. 

Altogether, these results in a way reaffirm that positive 

attitudes are fundamental in inciting strong behavioral 

intentions towards adopting blockchain technologies. 

H4: Attitude toward blockchain positively influences 

behavioral intention to use blockchain. 

 

3.5. IOF, ATT, and BI 

 

Institutional and Organizational Factors (IOF) are 

critical in determining the conditions under which 

technology is adopted, but their influences on 

behavioral intention are typically indirect, working 

mainly through the attitudinal evaluations that users 

form of the technologies. In extensions of the 

Technology Acceptance Model (TAM) and Unified 

Theory of Acceptance and Use of Technology 

(UTAUT), it is shown that supportive environments 

include regulatory clarity, supportive policies, 

organizational legitimacy, organizational readiness, 

resource availability, and training. These factors create 

conditions that make users feel comfortable with 

technology, thereby improving attitudes. All these 

enhance the creation of psychological grounds for the 

users' confidence and comfort with new technologies. 

Such conditions do not necessarily lead directly to 

intentions, but to favorable attitudes that, able to build 

up to much stronger behavioral intentions. This 

mechanism parallels UTAUT's conceptualization of 

facilitating conditions, which has an indirect effect on 

intention through performance and effort-related 

beliefs. 

Empirical research in the different technological 

contexts strengthens this mediating logic. Research in 

educational technology shows that the presence of 

some form of institution mainly facilitates one's 

intention to adopt technologies through positive 

internal beliefs that are created and not by direct 

influence (Hazzan, 2025). It finds that readiness and 

legitimation pressures available within the organization 

strengthen acceptance of a technology-creating 

evaluative judgments, then directly shape intention 

than environmental factors themselves. In blockchain 

adoption, with pervasively high uncertainty as well as 

perceived complexity, favorable attitudes are necessary 

for converting institutional and organizational 

readiness into actual adoption decisions. In this case, 

all point to the proposition that attitude mediates the 

IOF-behavioral intention relationship. 

H5: Attitude mediates the relationship between IOF 

and BI. 

 

3.6. TF, ATT, and BI 

 

Technical Factors (TF) are very powerful factors in 

determining how users use evaluation for emerging 

technologies, particularly those that are highly 

complex, like blockchain. System quality variables, 

such as reliability, security, performance, and 

interoperability, have a significant impact on 

satisfaction with the system and consequent behavioral 

outcomes with reference to the DeLone and McLean IS 

Success Model. These technical attributes act as 

outside variables in technology acceptance models 

such as TAM by transmitting their influences primarily 

through core cognitive beliefs, which ultimately form 

attitudes toward such a technology. For instance, such 

a user develops a positive evaluative judgment towards 

a system when it is deemed technically sound; the user 

is then directed toward a behavioral intention. 

Technical deficiencies increase perceived risk and 

uncertainty and consequently reduce positive attitudes 

while weakening intentions. Empirical evidence shows 

that this is the mechanism of mediation. Al-Okaily 

(2025) declares that users acquire negative attitudes 

toward blockchain systems due to technical 

inadequacies, subsequently diminishing intention to 

adopt such technologies. Queiroz and Wamba (2019) 

have discovered that system-level inefficiencies in the 

blockchain implementations weaken confidence and 

negatively affect adoption decisions, primarily by 

influencing users’ attitudes. Users would not adopt, 

therefore, only because of technical advancement; they 

perhaps adopt when that technical performance 

strengthens their attitudinal disposition. Technical 

quality, therefore, indirectly shapes intention by 

positing positive or negative attitude development 

toward the technology in question. 

H6: Attitude mediates the relationship between TF 

and BI. 

 

3.7. PEU, ATT, and BI 

 

Perceived Ease of Use (PEU) is a fundamental 

construct considered in the Technology Acceptance 

Model (TAM) for its direct or possibly indirect impact 

through attitude formation on behavioral intention 

(Davis, 1989). Thus, the more users perceive a 

technology to be easy, simple, and intuitive, requiring 

little effort from their side in learning or using it, the 

more likely they are to develop positive attitudes that 

reinforce their intention to act on the basis of this 

technology. The attitude formation is particularly 

relevant for blockchain systems, where perceived 

complexity, technical novelty, and psychological 

barriers may become impediments to intention 

development. Hence, ease of use appears to work not 

only as a cognitive belief but also as a mechanism for 

enhancing an individual's affective evaluation, which 
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finally determines behavioral outcomes.  

The mediating path, thus, finds empirical support. In 

blockchain, it has been found that an improving PEU 

directly enhances user attitudes, and those attitudes are 

the most significant mediator of intention. Albayati 

(2020) noted that the adoption intention would be 

strengthened by ease of use since it first enhances users' 

attitudes toward blockchain-enabled financial 

transactions. [29] found that, in e-commerce 

applications, PEU tends to have a positive influence on 

blockchain acceptance mainly through attitude 

formation. These studies lend further credence to the 

tenets of TAM, which assume that positive feelings 

serve as the vehicle through which ease of use 

translates into intention. The mediating role of attitude 

is thus key in explaining how perceived ease of use can 

contribute to the intention to adopt blockchain systems. 

H7: Attitude mediates the relationship between PEU 

and BI. 

4. Methodology 

4.1. Research Approach and Design 

 

This research employs rigorous quantitative 

methodology to examine the pre-adoption determinants 

of blockchain technology among financial market 

participants in the UAE. The methodology is driven by 

the study’s objective, which goes beyond institutional, 

organizational, technological, and perceptual factors to 

understand how these determinants influence pre-

implementation attitudes and the intention to adopt 

blockchain. In this respect, an explanatory cross-

sectional design was used, as it allows for the study of 

several latent constructs with their relationships at a 

single point in time. The structural framework of this 

study is derived from TAM, UTAUT, the DeLone and 

McLean IS Success Model, and Institutional Theory. 

These four theories cumulatively provide the 

foundation for the development of the proposed 

conceptual model. Accordingly, a quantitative survey 

method was employed, since it would be appropriate 

for measuring behavioral perceptions and testing the 

hypothesized relationships. 

The target population for the study comprised active 

participants in the UAE financial market ecosystem, 

including individual stockholders who represent the 

potential future blockchain adopters. Because no 

complete sampling frame of these financial participants 

was publicly available, a non-probability convenience 

sampling technique was used. This approach allowed 

practical access to a broad and diverse pool of 

respondents while remaining appropriate for the study 

context. Data collection was done through a structured 

online questionnaire distributed via professional 

networks, financial forums, and institutional channels 

(e.g., brokerage firms through the Abu Dhabi Securities 

Exchange). After completion, cleaning, and scoring, 

106 valid responses remained for analysis. These 

responses were then analyzed using Partial Least 

Squares Structural Equation Modeling (PLS-SEM). 

 

4.2. Measures  

 

The measurement instrument was developed by using 

the multi-item scales adapted from previously validated 

studies in the context of the blockchain pre-adoption 

environment within the UAE financial markets. Each 

statement was rated on a five-point Likert-type scale 

from 1 (Strongly Disagree) to 5 (Strongly Agree), 

ensuring consistency, common interpretation, and 

comparability for the respondents. All constructs were 

measured reflectively, consistent with their theoretical 

specification. 

Institutional and Organizational Factors (IOF) are 

measured using five items taken from the perspective 

of Institutional Theory and the Technology-

Organization-Environment (TOE) framework. These 

items offered dispositional value to regulatory clarity, 

organizational readiness, legitimacy pressure, and 

policy support. The conceptual framing of IOF relies 

on (Risi et al., 2023), who accentuate coercive, 

normative, and mimetic influences over technology 

adoption. On the other side, Technical Factors (TF) 

were measured through five items adapted from 

DeLone and McLean's Information Systems Success 

Model and through relevant blockchain quality 

literature. The items measured aspects, among others, 

of system reliability, security, interoperability, 

performance, and response efficiency. The rationale 

behind their development is supported by (Delone and 

McLean, 2003), who emphasized the importance of 

system quality in determining user evaluations of new 

technologies.  

Perceived Ease of Use (PEU) consisted of seven 

validated items adapted from Davis (1989) for this 

study; these items captured users’ perceptions of the 

effort required to learn, understand, and operate 

blockchain systems. Prior investigations on blockchain 

adoption (e.g., Esfahbodi et al., 2022; Albayati, 2020) 

provided additional guidance to contextualize PEU 

within the financial technology sector. Attitude toward 

Blockchain (ATT) was operationalized using four 

items grounded in the Theory of Reasoned Action 

(Ajzen, 1991), Theory of Planned Behavior, and TAM-

based attitude measures. These items assessed 

respondents' overall positive or negative evaluations of 

blockchain adoption. Behavioral Intention (BI) was 

measured with four items based on the TAM and 

UTAUT literature. These items capture the degree to 

which respondents intended or expected to use 

blockchain applications for future financial endeavors. 

Additional blockchain-specific intention measures 
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were adapted from Esfahbodi et al. (2022) and Al-

Okaily (2025). 

5. Results  

5.1. Demographic Profile 

 

The study captured responses from 106 individual 

stockholders and revealed a well-diversified 

demographic. As shown in Table 1, the large majority 

were citizens (69.8%), with residents (24.5%) and a 

small group of non-residents (5.7%), ensuring a strong 

local representation. In terms of affiliation, Accounting 

and finance areas (46.2%), Strategy and planning 

(12.3%), Communication and investor retention 

(6.6%), Information systems (5.7%), and Top 

management (2.8%). Professionally, respondents 

include private shareholders (30.2%), traders (17.9%), 

managers (14.1%), and financial firm executives 

(7.5%), with smaller proportions of brokers and other 

roles. Nearly half of respondents reported 1-3 years’ 

experience (46.5%), while 22% had 3-10 years, 19.2% 

10-15 years, and 11.6% more than 15 years, showing a 

workforce dominated by early career professionals. 

Age distribution aligned with these trends, as 34% were 

under 25 years, 25.5% were 25-35 years, 29.2% were 

35-50 years, and 4.7% were 50-65 years. The sample 

was male 70.8%) and female (29.2%). Educational 

level was high, with 50.9% holding undergraduate 

bachelor's/diplomas, and 34% having postgraduate 

qualifications, and the most common fields of study 

were business (55.7%), engineering (17.9%, and 

IT/sciences (6.6% each).  

Table 1: Respondents’ profile 

Variable Category Count Percentage 

Nationality Citizen 74 69.8% 

Resident 26 24.5% 

Non-resident 6 5.7% 

Department 

/ Area 

Accounting & 

Finance 

49 46.2% 

Other 28 26.4% 

Strategy and 

Planning 

13 12.3% 

Communication & 

Investor Relations 

7 6.6% 

Information 

Systems 

6 5.7% 

Top Management 3 2.8% 

Job 

Position 

Private 

Shareholder 

32 30.2% 

Trader 19 17.9% 

Other (specified) 17 16.0% 

Manager 15 14.1% 

Manager of 

Financial Firm 

8 7.5% 

Broker 7 6.6% 

Other (Arabic 

entry) 

6 5.7% 

Manager of Listed 

Company 

2 1.9% 

Years of 

Experience 

1-3 years 49 46.5% 

3-10 years 23 22.01% 

10-15 years 20 19.18% 

More than 15 

years 

12 11.64% 

Age Group Less than 25 36 34.0% 

25-35 years 31 25.5% 

35-50 years 27 29.2% 

50-65 years 5 4.7% 

Mixed ages 7 6.6% 

Gender Male 75 70.8% 

Female 31 29.2% 

Education 

Level 

Undergraduate 

diploma 

(Bachelor's or less) 

54 50.9% 

Post-graduate 

diploma 

(Master's/MBA) 

36 34.0% 

Professional 

certificate 

6 5.7% 

Certified/chartered 

diploma (e.g., 

CFA) 

3 2.8% 

Other 7 6.6% 

Field of 

Study 

Business Studies 59 55.7% 

Engineering 

Studies 

19 17.9% 

IT & Computer 

Systems 

7 6.6% 

Sciences Studies 7 6.6% 

Other 7 6.6% 

Law Studies 3 2.8% 

Health & 

Medicine 

3 2.8% 

Tourism & 

Hospitality 

1 0.9% 

 

5.2. Measurement Model 

 

The assessment of the measurement model was done 

through construct reliability as well as validity -

including convergent and discriminant validity. For 

construct validity, the study tested individual 

Cronbach’s alpha coefficients to measure the reliability 

of each of the variables in the measurement model. The 

results reveal that all the variable coefficients, ranging 

from 0.794 to 0.933, were higher than the suggested 

value of 0.7. Furthermore, for testing construct 

reliability, the composite reliability (CR) values 

ranging from 0.815 to 0.935 were higher than 0.7 

(Kline, 2010), which indicates that construct validity 

was fulfilled as shown in Table 2. Factor loading was 

used to test indicator reliability; high loadings on a 
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construct indicate that the associated indicators seem to 

have much in common, which is captured by the 

construct. Factor loadings greater than 0.50 were 

considered to be very significant (Hair et al., 2017). 

The loading for all items exceeded the recommended 

value of 0.50. For testing convergent validity, this 

study used average variance extracted (AVE), and it 

indicated that all AVE values were higher than the 

suggested value of 0.5 (Hair et al., 2017), ranging from 

0.541 to 0.768, indicating that the convergent validity 

for all constructs is successfully fulfilled.  

 

Table 2: Convergent validity 

Construct Code Loading А CR AVE VIF 

Attitude ATT1 0.923 0.822 0.873 0.666 3.942 

ATT2 0.546    1.215 

ATT3 0.917    3.836 

ATT4 0.822    1.851 

Behavioral 

Intention 

BI1 0.867 0.899 0.904 0.768 2.409 

BI2 0.889    2.959 

BI3 0.905    3.179 

BI4 0.842    2.324 

Institutional 

and 

Organizational 

Factors 

IOF1 0.802 0.823 0.882 0.575 1.813 

IOF2 0.766    1.879 

IOF3 0.887    2.647 

IOF4 0.641    1.738 

IOF5 0.667    1.796 

Perceived Ease 

of Use  

PEU1 0.761 0.933 0.935 0.714 2.232 

PEU2 0.823    2.555 

PEU3 0.874    3.422 

PEU4 0.880    3.950 

PEU5 0.815    2.511 

PEU6 0.871    3.813 

PEU7 0.885    3.752 

Technical 

Factors 

TF1 0.717 0.794 0.815 0.541 1.295 

TF2 0.809    1.926 

TF3 0.777    1.745 

TF4 0.753    2.371 

TF5 0.605    1.705 

The discriminant validity of the measurement model 

was checked using two criteria, namely Fornell-

Larcker and Heterotrait-monotrait ratio (HTMT). The 

results of discriminant validity using the Fornell-

Larcker criterion as shown in Table 3, where the square 

root of the AVEs on the diagonal, as represented by the 

bolded values, are higher than the correlations between 

constructs. This indicates that the constructs are 

strongly related to their respective indicators compared 

to other constructs in the model (Chin, 1998), thus 

suggesting good validity (Hair et al., 2017). The HTMT 

ratio was used to assess discriminant validity. While 

the discriminant validity has a problem when the 

HTMT value is greater than the HTMT0.90 value of 

0.90, all values in Table 3 show that HTMT values are 

less than the recommended value of 0.90, indicating 

that the discriminant validity of all constructs has been 

fulfilled. 

 

Table 3: Discriminant validity 

 

Fornell-Larcker criterion 

 ATT BI IOF PEU TF 

ATT 0.816         

BI 0.758 0.876       

IOF 0.682 0.528 0.758     

PEU 0.783 0.817 0.565 0.845   

TF 0.698 0.513 0.679 0.617 0.736 

Heterotrait-monotrait ratio (HTMT) 

ATT           

BI 0.812         

IOF 0.802 0.533       

PEU 0.822 0.846 0.568     

TF 0.775 0.538 0.759 0.649   

 

5.3. Structure Model Assessment 

 

Hair et al. (2017) suggested assessing the structural 

model by looking at the beta (β), R2, and the 

corresponding t-values via a bootstrapping procedure 

with a sample of 5000. Moreover, they recommend 

reporting the effect sizes (f2) as well as the predictive 

relevance (Q2). 

 

5.4. Hypotheses Testing Results 

 

The structural model shown in Figure 1 and Table 5 

indicates the hypothesis’s tests, with 4 out of 4 direct 

hypotheses supported. Institutional and organizational 

factors, Technical Factors, and Perceived Ease of Use 

significantly predict attitudes with (β=0.200, t=5.334, 

p-value=0.000), (β=0.142, t=3.756, p-value=0.000), 

and (β=0.683, t=18.058, p-value=0.000) respectively. 

Hence, H1, H2, and H3 are supported. Attitude 

significantly predicts behavioral intention. Hence, H4 

is supported with (β=0.858, t=61.665, p-value=0.000).  

Institutional and organizational factors, Technical 

Factors, and Perceived Ease of Use explain 83.8% of 

the variance in attitude. Attitude explains 73.7% of the 

variance in behavioral intention. The r2 values 

achieved an acceptable level of explanatory power as 

recommended by Chin (1998), indicating a substantial 

model. The study additionally assessed effect size (f2). 

The effect size f2 determines whether the impact of the 

exogenous latent construct has on the endogenous 

latent variable (Gefen and Rigdon, 2011). The results 

of f2 in Table 4 show that two relationships with large 

effect sizes and two with medium effect sizes. 
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Furthermore, the blindfolding procedure was used to 

examine the power of the proposed model regarding the 

predictive relevance, as recommended by Hair et al. 

(2017). Q2 results for this study show that the two 

endogenous variables have large predictive relevance. 

Additionally, the multicollinearity diagnostic through 

VIF results indicates that there is no evidence of 

significant multicollinearity among the study 

exogenous constructs because all VIF values are less 

than 5. It means that the variance of exogenous 

variables explains the endogenous variables that do not 

overlap with each other. 

Table 4. Hypotheses Testing Results 

 
 

Table 5. Hypotheses Results 

 
H Relatio

nship 

Β ST-

DEV 

t-

valu

e 

P-

val

ues 

R2 F2 Q2 

H

1 

IOF -> 

ATT 

0.2 0.03

7 

5.33 0.0

00 

0.83

8 

0.1

25 

0.55

8 

H
2 

TF -> 
ATT 

0.14
2 

0.03
8 

3.8 0.0
00 

0.0
57 

H

3 

PEU -> 

ATT 

0 683 0.03

8 

18.1 0.0

00 

0.6

72 

H
4 

ATT -> 
BI 

0.85
8 

0.01
4 

61.6
65 

0.0
00 

0.73
7 

0.7
99 

0.55
3 

H

5 

IOF -> 

ATT -> 
BI 

0.17

2 

0.03

1 

5.50

7 

0.0

00 

 

H

6 

TF -> 

ATT -> 

BI 

0.12

2 

0.03

2 

3.80

3 

0.0

00 

 

H

7 

PEU -> 

ATT -> 

BI 

0.58

6 

0.03

9 

15.0

68 

0.0

00 

 

 
Figure 1. Structural model results 

 

The mediation test of H5-H7, the method of Preacher 

& Hayes (2008) of bootstrapping, was employed. The 

bootstrapping analysis showed that the indirect effect 

of Institutional and organizational factors, Technical 

Factors, and Perceived Ease of Use on Behavioral 

intention through attitude was significant. Hence, H5, 

H6, and H7 were supported with (β=0. 172, t=5.507, p-

value=0.000), (β=0.122, t=3.803, p-value=0.000), 

(β=0.586, t=15.068, p-value=0.000) respectively. 

6. Discussion 

The empirical results, derived from the PLS-SEM 

analysis of 106 stockholders and investors in the UAE, 

provide specific insights into the behavioral 

mechanisms driving the pre-adoption intention of the 

financial end-user for blockchain technology. The 

significant influence of Perceived Ease of Use (PEOU) 

and Technical System Quality on the investor's 

Attitude highlights the pragmatic nature of this user 

group. Investors are not just interested in the theoretical 

benefits of blockchain; they demand systems that are 

effortless to navigate and technically robust. The 

positive relationship found across all tested antecedents 

(Institutional, Organizational, Technical, PEOU) and 

Attitude confirms that a positive evaluation of 

blockchain requires holistic preparation across the 

ecosystem. The core finding that Attitude fully 

mediates the influence of all antecedents on Behavioral 

Intention is especially relevant for investors. Since 

stockholders are highly exposed to market volatility 

and risk, their decision to accept a new technology is 

less about functional necessity and more about 

subjective confidence and trust. Before committing 

capital, their emotional and cognitive assessment 

(Attitude) must be fully convinced by the external 

signals (readiness factors). This study provides one of 

the earliest empirical examinations of blockchain pre-

adoption within the UAE financial market, focusing 

specifically on readiness before technological 

implementation, thus distinguishing it from prior 

research conducted in sectors where blockchain has 

already been deployed (Kline, 2010; Hair et al., 2017). 

By integrating the Technology Acceptance Model 

(TAM), the Unified Theory of Acceptance and Use of 

Technology (UTAUT), the DeLone–McLean IS 

Success Model, and the Institutional Theory, the 

research provides a comprehensive, analytical, and 

integrative lens rarely applied in financial market 

research (Sasitharan et al., 2023; Haleem et al., 2020). 

This approach offers a solid conceptual foundation for 

assessing readiness in emerging technologies before 

formal implementation, contributing to the expanding 

literature on anticipatory adoption behavior (Gefen and 

Rigdon, 2011; Janssen et al., 2020). The core findings 

establish that institutional and organizational readiness, 

technical robustness (Venkatesh et al., 2003, 2016), 



Abdennadher ET AL: Readiness Drivers of Blockchain Technology in the UAE Financial Markets 23 

 

 

and perceived ease of use (PEU) (Ajzen, 1991; 

Venkatesh and Davis, 2000) collectively shape positive 

attitudes, which subsequently serve as the strongest 

predictors of behavioral intention toward adoption. 

These results reaffirm the integrative value of 

theoretical models in explaining early-stage decision-

making. Specifically, the findings highlight the 

decisive role of Institutional and Organizational 

Factors (IOF) in shaping early perceptions through 

legitimacy pressures (Powell and DiMaggio, 1983), 

aligning with previous studies on supportive 

governance structures (Risi et al., 2023). Furthermore, 

the study underscores the critical importance of 

technical quality, as blockchain studies consistently 

identify scalability, security, and interoperability as key 

adoption barriers (Zhang et al., 2019; Kumar et al., 

2023). However, empirical research confirms that 

robust system quality reduces perceived risk and 

enhances acceptance (Queiroz and  Wamba, 2019; 

Saberi, 2019), while high technological quality also 

increases user trust and adoption (Talwar, 2020; 

Nguyen and Ha, 2021). The importance of PEU is 

similarly affirmed, as research in consumer behavior 

and technology-enabled service settings strengthens 

the link between perceived usability, affective 

attitudes, and subsequent acceptance (Lyu et al., 2025; 

Khalifa and Elnagar, 2025). Furthermore, the study 

establishes complete mediation of the relationships 

between IOF, technical quality, PEU, and behavioral 

intention, which are all funneled through attitude 

(Davis, 1989; Ajzen, 1991; Kannana and Tan, 2005). 

This strong mediation reflects the psychological 

readiness in the pre-acceptance phase, offering 

valuable insights for policymakers and regulators by 

showing that improving governance clarity, enhancing 

technical interoperability, and strengthening user 

training can foster favorable attitudes even before 

market rollout (Lyu et al., 2025; Abou-Shouk and 

Khalifa, 2017), thereby bridging the gap between 

perception and action. 

7. Conclusion 

The present research constitutes one of the 

preliminary empirical investigations of pre-adoptive 

antecedents of blockchain technology in the UAE 

financial markets. Integrating the Technology 

Acceptance Model (TAM), Unified Theory of 

Acceptance and Use of Technology (UTAUT), the 

DeLone–McLean Information Systems Success 

Model, and Institutional Theory, the study provides a 

clearly constructed theoretical model of how 

institutional influence, organizational capabilities, 

technical quality, and user perceptions individually and 

jointly shape attitudes and behavioral intentions toward 

the adoption of blockchain technology. The findings 

indicate that both institutional and organizational 

factors, alongside technical robustness and perceived 

ease of use, strongly influence attitudes towards 

blockchain, while attitude is the key mechanism 

through which these antecedents impact behavioral 

intention. This implies that, in a pre-adoption situation 

where experiential knowledge is scarce, influences 

through perception and psychology act as critical 

determinants of acceptance. 

 

7.1. Theoretical Implications 

 

This study makes four distinct theoretical 

contributions to the literature on technology adoption 

and financial innovation, specifically centered on the 

end-user investor/stockholder. 

a. Novel Stakeholder Focus (Individual Investor): 

This research offers a distinctive theoretical 

contribution by focusing its analysis on individual 

investors, a critical stakeholder group rarely analyzed 

in prior blockchain adoption research. These end-users, 

who represent our sample and constitute the primary 

actors in future blockchain-enabled trading, have 

perceptions and behavioral intentions that remain 

largely unexplored. By capturing this data, the study 

significantly broadens the theoretical scope of adoption 

research in digital finance. 

b. Advancing Acceptance Models to the Investor's 

Anticipatory Context: This work significantly extends 

foundational user acceptance models, such as the 

Technology Acceptance Model (TAM) and UTAUT, 

by validating their core mechanisms within the novel 

anticipatory (pre-adoption) context of the individual 

investor. Our focus is not on organizational adoption 

but on the individual end-user's intention to utilize a 

future system for trading and settlement transactions. 

This study reinforces longstanding assumptions within 

TAM, TRA, and TPB by showing that User Attitude 

fully mediates the effects of all readiness factors 

(Institutional, Organizational, and Technical) on 

Behavioral Intention. This is a crucial finding that 

establishes the theoretical position of evaluative 

judgments as the strongest predictors of acceptance 

when users, such as individual investors, have not yet 

fully interacted with the technology. For the investor, 

who lacks hands-on experience with a nascent system, 

their perceptions of its reliability and ease become the 

sole, confirmed predictor of their willingness to 

commit to the technology, thus establishing the pivotal 

role of attitude in the initial decision-making of the 

stockholder. 

c. Bridging the Micro-Macro Context for Investor 

Behavior: This research addresses a key theoretical gap 

by integrating the micro-level focus of individual 

adoption models (e.g., individual ease of use) with the 

macro-level influences of Institutional Theory. The 

study successfully integrates these dimensions by 
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embedding Institutional and Organizational 

Determinants within the unified framework. We 

demonstrate that an investor's decision (a micro-

behavior) is directly influenced by the perceived 

stability of the entire ecosystem (a macro-context). 

This integrated approach reveals how macro-level 

forces like regulatory legitimacy and organizational 

support (Institutional Readiness) filter down to 

meaningfully shape the individual investor's initial 

attitude and willingness to adopt a complex technology 

like blockchain for managing their financial assets. 

This framework provides a robust theoretical lens for 

studying user acceptance of systemic financial 

innovations that require both individual trust and 

institutional support. 

d. Contextualizing Readiness for stockholders: By 

focusing the analysis on the decision-making unit of the 

investor/stockholder, this study provides a theoretical 

refinement specific to the individual financial actor. 

We show that for this demographic, the assessment of 

Technical System Quality (especially concerning 

security and data integrity) is not a generic IS construct 

but a critical determinant of trust. Similarly, 

Organizational Readiness is valued because it signals 

the capacity of the service provider (brokers, 

exchanges) to maintain the ledger. By studying 

blockchain behavior within a regulated financial 

ecosystem, this work contributes to the developing 

literature on anticipatory adoption, demonstrating that 

Institutional and Organizational Factors (IOF) and 

Technical System Quality are key readiness factors to 

assess pre-implementation of a major disrupting 

financial technology. This study validates the necessity 

of extending generic models with factors that reflect the 

risk-aversion and asset-protection focus inherent to the 

stockholder's decision process in regulated financial 

markets, thereby providing an all-encompassing model 

for institutional, technological, and perceptual 

dimensions of blockchain readiness in a high-stakes, 

specialized market. 

 

7.2. Practical Implications 

 

This study provides a focused roadmap for 

policymakers, financial institutions, and technology 

developers aiming to boost blockchain acceptance 

among individual investors in the financial markets. 

The central finding that user attitude is the key 

mechanism translating systemic factors into behavioral 

intention underscores that success depends entirely on 

proactively cultivating a positive user attitude and 

demonstrating clear, real-world benefits (e.g., easier 

tracking, reduced delays, stronger security). A phased 

implementation strategy, beginning with low-risk 

applications and gradually expanding to more complex 

processes, is crucial for strengthening user confidence 

and enabling a sustainable market-wide transition. To 

reduce uncertainty and foster positive evaluations, 

policymakers and regulators must establish clear 

governance structures and well-defined legal 

guidelines. Fast-tracking adoption requires increasing 

transparency and actively widening the scope of 

initiatives like regulatory sandboxes and controlled 

pilot environments, which are essential for mitigating 

risk in the early stages of technology deployment. 

Financial organizations play a crucial role in shaping 

user attitudes by ensuring organizational readiness. 

This requires direct investment in training, digital 

skills, and resources to integrate blockchain effectively. 

By building internal capabilities and demonstrating 

clear commitment through structured transition plans 

and awareness programs, financial institutions (banks, 

brokerage firms) can mitigate employee resistance and 

enhance acceptance among all stakeholders. 

Technology developers should prioritize technical 

quality by ensuring blockchain solutions are reliable, 

secure, and interoperable with existing legacy systems. 

They would also focus heavily on perceived ease of 

use, which is a powerful driver of attitude. This means 

employing a human-centered design approach to create 

simple, intuitive, and user-friendly interfaces, 

supported by tools like interactive tutorials to lower the 

cognitive barriers for financial professionals. The 

central finding is that user attitude is the key 

mechanism that translates system factors into 

behavioral intention. Therefore, all involved market 

participants must make it a priority to improve people's 

perceptions of the system by showing clear, real-world 

benefits, such as transactions that are easier to track, 

fewer delays in processing, and stronger security. A 

phased implementation strategy, beginning with low-

risk applications and gradually expanding to more 

complex processes, is crucial for strengthening user 

confidence and enabling a sustainable market-wide 

transition. 

 

7.3. Limitations and Directions for Future 

Research 

 

Despite its contributions, the study has several 

limitations. These limitations primarily include the 

small, focused sample size (106) of investors. While 

this focused sample provides a unique, in-depth view 

of a rare stakeholder group, the size inherently limits 

the statistical power and generalizability of the 

findings. Furthermore, the study captures user 

perceptions at a single point in time, focusing on pre-

adoption attitudes because the blockchain system had 

not yet been fully implemented in the UAE, reflecting 

the global reality that blockchain technology is still not 

yet fully adopted across the world. Many countries are 

actively working on its implementation, and its use is 
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not yet generalized. Future research should: (1) expand 

the sample size to enhance statistical power and 

generalizability across more stockholders and other 

market participants; (2) utilize a longitudinal design to 

track how the investor's attitude and intention evolve 

once the technology moves from the pre-adoption to 

the pilot and active use phases; and (3) incorporate a 

Perceived Risk construct directly into the model to 

explicitly test how the investor's inherent risk-aversion 

affects their intention to use blockchain for high-stakes 

transactions. 
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